Diagnostic performance of human-artificial intelligence (Al) collaboration in
teledermoscopy: a retrospective validation study of a novel 8-class Al tool
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Objective Conclusion

To evaluate whether dermatologist—Al Access to an 8-class Al tool added value to

collaboration improves diagnostic accuracy teledermoscopic assessments by dermatologists.
in skin lesion assessment using a novel 8- | \Y D) 5 Although overall gains in accuracy were modest,
class Al model. QO (¢ potentially reflecting the already high baseline
| performance of experienced assessors, all

significant changes represented improvements

»This Stl.ldy aims to evaluate the most with no indications of performance deterioration.

'Like'Ly future use of AI in dermatology: These fmglmgs h.lghllght the.potentla.l of human-Al collaboration and
support integrating Al assistance into teledermoscopy workflows.

[ J [ ] [ J ,,
Al as a Support to clinicians Prospective real-world studies are now needed to establish its clinical
impact and guide safe implementation.

Patients and Methods
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Figure 1. lllustration of the multimodal model architecture for skin lesion classification.

Primary outcome

2 1 Change in accuracy for benign-malignant
classification
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Retrospective study Generated in real- | Cases were first assessed .
world clinical care without and subsequently with

use of the Al-tool

Results

Baseline sensitivity and specificity for benign-malignant classification were 80% and 90%, increasing to 81% (p = 0.43) and 91% (p = 0.05) after Al integration.
Class-specific analyses showed significant improvements in specificity for nevi, seborrheic keratoses, and vascular lesions, and significant improvements in
sensitivity for actinic keratoses and dermatofibromas.
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Figure 2. Sensitivity and specificity of skin lesion classification of dermatologists before (blue) and after (orange) use of 8-class diagnostic Al-tool. Dots are point estimates and lines represent 95% confidence intervals. MM =
malignant melanoma; BCC = basal cell carcinoma; SCC = squamous cell carcinoma; SK = seborrheic keratosis; AK = actinic keratosis; DF = dermatofibroma. * p-value <0.05.

Additional results “at a glance”:

Correct management 9@ Diagnostic confidence Q With clinician—Al disagreement: . No accuracy difference by experience
improved: 85% > 86% (NS). increased (8.4 > o 41% of incorrect diagnoses (>8 vs <8 years)
o Al rescued management 8.7/10, p<0.001) corrected o Less experienced assessors
of 7 initially missed 15% of correct diagnoses changed diagnosis slightly more
melanomas overturned often after Al
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