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From isolated lesion images to patient-aware melanioma risk modelling
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Link temporal lesion change, within-patient lesion
context and between-patient similarity in one multiscale
graph framework

Metadata examples: age, sex, geographic background, sun exposure, melanoma history and nevus
count.
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Multiscale Graph Framework
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ONE FRAMEWORK. TWO CLINICAL QUESTIONS.

Which lesion needs review?

lesion risk . ugly duckling .temporal anomaly

Which patient needs closer surveillance?

personalized risk - clinical context - graph relations

Multimodel learning | Graph neural networks | Temporal change detection | Ugly duckling sign
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